Validation of a bioinformatic model for classifying non-tumor variants
In a cell-free DNA liquid biopsy assay
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Introduction Results

Concordance in non-tumor predictions: gene
prevalence and correlation with age

Feature importance: Assay-specific
engineered features among most important

Model design: Leveraging internal database
of >250K clinical patients

Liquid biopsy is a powerful, non-invasive tool for
profiling tumors and identifying clinically relevant

variants.
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WBC datasets and optimized with 10-fold
cross-validation to produce a non-tumor and
tumor variant classifier.

To validate these calls, an independent cohort of
/2 paired plasma and WBC advanced cancer

samples were genotyped on the
GuardantiInfinity™ assay. A cohort of 76 healthy
donor samples, genotyped on the

GuardantOMNI assay was also assessed.

0.0 0.2 04 0.6 0.8 1.0
False Positive Rate

B. Validation: Healthy donor cohort of 76 paired plasma and WBC samples

All somatic SNV/Indels in healthy donors are considered non-tumor

Confirmation Method > WBC Sequencing Model Prediction

>0.6% VAF 92.8% (64/69) 100% (69/69)
<0.6% VAF 42.5% (74/174) 100% (174/174)

Figure 2. Model performance. Predictions for tumor and non-tumor status were compared to WBC
confirmation in A) 713 somatic SNV/Indels from 72 paired plasma and WBC GuardantInfinity™ samples
and B) 243 somatic SNV/Indels from 76 paired plasma and healthy donors on GuardantOMNI™. Lower
confirmation rate in WBC sequencing observed for low VAF variants (<0.6%) likely attributed to the limit
of detection in for WBC variant calling and/or possible non-WBC lineage origin.

Conclusions

Our bioinformatic model exhibits high sensitivity and specificity with WBC for discriminating tumor and non-tumor using only cfDNA.

Our bioinformatic model has improved sensitivity for identifying non-tumor variants over WBC sequencing at low VAFs (<0.6%).

In a paired plasma and WBC late stage cancer cohort, the majority of non-tumor variants were in known clonal hematopoiesis genes and variants of
uncertain significance. No clinically actionable variants, except in ATM and CHEKZ2, were confirmed or annotated as non-tumor.

For more information, visit www.guardanthealth.com




